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The increase in usage of London Underground is more rapid than the increase in the capacity, which is Morning spike behaviour Throughout the day behaviour
restricted by physical constraints due to the original design of the tunnels and the length of platforms.
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TfL could utilise this to provide Travelcard
Commuters are those who consistently travelled for at least 3 days per week for two weeks in a row. N . olans that better suit ’E)he behaviour of
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